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1. Abstract

This paper examines the influence of Artificial Intelligence (Al) classification on valuation
multiples in the technology mergers and acquisitions (M&A;) market from 2022 to 2025. The
study is motivated by the simultaneous occurrence of two significant market forces: a
broad-based rebound in global M&A; activity following a prolonged contraction, and an
unprecedented surge in Al-related capital formation. We construct an illustrative dataset of
80 to 150 transactions from publicly available sources, including SEC filings, press releases,
and market data from S&P; Capital IQ and PitchBook. Transactions are segmented into three
categories: Al-native companies, Al-enabled incumbents, and non-Al Saas controls.

Our methodology employs descriptive statistics, a comparative analysis of median and
mean valuation multiples (Enterprise Value to Revenue and Enterprise Value to EBITDA), and a
simple Ordinary Least Squares (OLS) regression to model the effects of revenue growth rate,
EBITDA margin, and Al classification on EV/Revenue multiples. The regression is specified as:
EV/Revenue = beta0 + betal(Growth) + beta2(EBITDA Margin) + beta3(Al Classification) +
epsilon.
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Our key findings indicate that an Al classification does not uniformly command a valuation
premium in M&A; transactions. Instead, factors such as growth quality and a disciplined
approach to cash flow generation are more significant drivers of valuation than an Al-centric
label alone. The analysis further suggests that the technology M&A; market is structurally
bifurcating, increasingly favoring established, distribution-rich platforms over earlier-stage
Al-native companies that lack demonstrated profitability. These findings have significant
implications for capital allocation strategies among private equity investors, corporate
acquirers, public market participants, and company founders, highlighting the need for a
nuanced investment approach that prioritizes fundamental business quality over generalized
Al classifications. The paper also discusses the structural evolution of deal terms, the
intensifying regulatory environment, and sector-level observations across fintech,
cybersecurity, enterprise Saas, digital media, and WealthTech.

2. Introduction

The global mergers and acquisitions landscape has undergone a significant and
well-documented transformation between 2022 and 2025. Following the extraordinary peak of deal
activity in 2021, the market entered a period of contraction in 2022 and 2023, driven by a confluence
of macroeconomic headwinds including sharply rising interest rates, elevated inflation, geopolitical
uncertainty, and a widening valuation gap between buyers and sellers [1]. Global M&A; deal values
declined materially from their 2021 highs, with technology sector transactions particularly affected
as the multiple compression of high-growth software companies forced a reassessment of deal
economics across the board.

The period of contraction was followed by a broad-based rebound in 2024 and 2025. According to
data compiled by Bain and Company, global M&A; deal value increased by approximately 40
percent in 2025 to an estimated $4.9 trillion, making it the second-highest year for deal activity on
record [2]. This recovery was not driven by a single sector or geography but was broad-based, with
technology, advanced manufacturing, and financial services all contributing to the resurgence. A
key catalyst in this recovery has been the exponential growth and strategic integration of Artificial
Intelligence across all sectors of the economy. The surge in Al-related capital formation,
exemplified by multi-billion dollar investments in foundational model companies such as OpenAl
and Anthropic, and a proliferation of Al-native startups, has fundamentally altered the strategic
calculus for corporate acquirers and private equity investors alike [4, 5].

The scale of Al investment is difficult to overstate. PwC estimates that between $5 trillion and $8
trilion could be required over the next five years to fund Al technologies and the enabling
infrastructure, including data centers, semiconductor fabrication, and new energy capacity [3].
This capital intensity is reshaping the competitive landscape, creating a new class of ‘hyperscaler’
companies and forcing incumbent businesses across all industries to reassess their technology
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strategies. In the M&A; market, this has translated into a wave of strategic acquisitions, minority
investments, and acqui-hires as companies race to acquire the Al capabilities they need to remain
competitive.

This period has also been characterized by a discernible shift in investment philosophy. The era of
revenue-multiple expansion at any cost, which defined much of the post-2020 technology bull
market, has given way to a renewed emphasis on cash flow discipline and sustainable profitability
[6]. The median EV/Revenue multiple for public SaaS companies, which peaked at approximately
18.6x in 2021, compressed by over 60 percent in the subsequent correction, stabilizing at around 6 to
7x by late 2024 before a modest recovery in 2025 [6, 7]. This has created a more discerning M&A,;
environment, where acquirers are increasingly focused on targets with proven business models
and clear paths to value creation, rather than simply rewarding growth at any cost.

The central question this paper seeks to address is how these two powerful, and at times
conflicting, forces have influenced valuation multiples in the technology M&A; market. Specifically,
this paper poses the following research question:

Does Al classification materially influence valuation multiples in post-2022
technology M&A,; markets, when controlling for revenue growth and
profitability?

To answer this question, we analyze an illustrative dataset of technology M&A; transactions from
2022 to 2025, segmenting targets into Al-native, Al-enabled, and non-Al SaaS control groups. By
examining the interplay between Al classification, growth rates, profitability, and valuation
multiples, we aim to provide a nuanced, data-driven perspective on the true drivers of value in the
current M&A; landscape. The remainder of this paper is structured as follows: Section 3 reviews the
relevant academic and institutional literature; Section 4 describes the data and methodology;
Section 5 presents the empirical findings; Section 6 analyzes structural deal trends; Section 7
discusses risk factors; Section 8 provides sector-level observations; Section 9 outlines the
limitations of the study; Section 10 discusses the implications for capital allocation; and Section 11
concludes.
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3. Literature Review

The valuation of technology companies in mergers and acquisitions is a complex and multifaceted
field of study that draws on financial economics, corporate strategy, and innovation management.
Traditional valuation methodologies, often predicated on tangible assets and predictable cash
flows, are frequently inadequate for capturing the value of firms whose primary assets are
intangible, such as software, data, and intellectual property. This literature review synthesizes key
academic and institutional research on technology M&A; valuation drivers, the pricing of intangible
assets and innovation, the emerging literature on Al and productivity, and analyses of prior M&A;
cycles.

3.1 Technology M&A; Valuation Drivers

Valuation in technology M&A; is driven by a distinct set of factors compared to traditional
industries. Growth expectations have historically been a primary determinant of valuation
multiples, with acquirers willing to pay significant premiums for companies with the potential for
rapid scaling [7]. The Rule of 40, which posits that a healthy SaaS company should have a
combined revenue growth rate and EBITDA margin of at least 40 percent, has become a widely
used heuristic for assessing the quality of a technology business and its likely valuation. However,
the market correction of 2022-2023 has led to a renewed focus on profitability and cash flow,
tempering the growth-at-all-costs mentality that characterized the preceding bull market [6].

Research from institutional sources such as McKinsey and Bain highlights the increasing
importance of a clear strategic rationale and the ability to integrate acquired technology to realize
synergies [2, 3]. McKinsey's analysis of the 2025 M&A; market notes that arena industries, which are
rooted mostly in the digital economy, have an average EV/EBITDA ratio of 27.1x, compared to 16.5x
for established companies, suggesting a persistent premium for high-growth, technology-oriented
businesses [2]. However, this aggregate premium masks significant dispersion within the
technology sector, with valuations varying widely based on the specific characteristics of the target
company.
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3.2 Intangible Asset Pricing

The pricing of intangible assets is a central challenge in technology M&A.; Masulis, Reza, and Guo
(2023) provide a comprehensive analysis of the sources of value creation in acquisitions of
intangible assets, finding that acquirer announcement returns and post-M&A; performance are
positively correlated with a target's proportion of intangible assets [8]. Their research indicates that
value creation is associated with profitable acquirers purchasing complementary intangible assets
from less profitable targets, particularly when those targets are financially constrained. This finding
has direct relevance to the Al M&A; market, where many of the most valuable assets are intangible,
including proprietary algorithms, training data, and the human capital of Al researchers and
engineers.

The broader literature on intangible capital, including the work of the International Monetary Fund
on data as an intangible asset, posits that assets like data and proprietary algorithms, while not
fully reflected on traditional balance sheets, are significant drivers of firm value and competitive
advantage [9]. This creates a fundamental challenge for acquirers, who must develop new
frameworks for valuing and integrating these assets. The difficulty of accurately valuing intangible
assets also contributes to the information asymmetry between buyers and sellers in Al M&A;, which
can lead to both overvaluation and undervaluation.

3.3 Innovation Premiums

The concept of an innovation premium in M&A;, where acquirers pay more for innovative firms, is
well-established in the finance literature. Bena and Li (2014), in a seminal paper in the Journal of
Finance, demonstrate that technologically related acquisitions, where the acquirer and target have
overlapping patent portfolios, are more likely to occur and that acquirers with prior technological
linkage to their targets produce more patents post-acquisition [10]. This suggests that the potential
for synergistic innovation is a key driver of M&A; activity and valuation, and that the strategic fit
between the acquirer and the target is a critical determinant of deal success.

The work of Lerner, Sorensen, and Stromberg (2011) on private equity and innovation further
supports the idea that certain ownership structures can foster long-term investment in innovation,
as measured by patenting activity [11]. Their analysis of 495 leveraged buyout transactions finds
that companies backed by private equity investors exhibit higher rates of patenting activity than
comparable non-PE-backed companies, suggesting that PE ownership can, under the right
conditions, be conducive to innovation. This has implications for the current wave of PE investment
in Al companies, where the ability to foster continued innovation post-acquisition is a key
determinant of value creation.
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3.4 Al Productivity Literature

The recent explosion of interest in Al has been accompanied by a growing body of academic
research on its economic impact. Babina, Fedyk, He, and Hodson (2024), in a paper published in the
Journal of Financial Economics, find that firms investing in Al experience higher growth in sales,
employment, and market valuations, primarily through increased product innovation [12]. This
research, which uses a novel measure of firm-level Al investment based on employee resumes,
suggests that Al is a significant driver of firm growth and can contribute to the emergence of
'superstar firms' with disproportionate market shares and valuations. The finding that Al-powered
growth concentrates among larger firms is particularly relevant to the M&A; market, as it suggests
that the benefits of Al investment may accrue primarily to well-resourced incumbents rather than
to smaller startups.

NBER working papers and other recent studies have explored the diffusion of generative Al and its
effects on firm-level productivity. Eisfeldt, Schubert, and Zhang (2024) address Al as a technology
shock that affects firm values and corporate policies, providing a theoretical framework for
understanding how Al investment can influence a firm's financial profile and strategic positioning
[14]. The rapid adoption of generative Al, as documented by Bick et al. (2024), has created new
opportunities for productivity enhancement across a wide range of industries, which in turn is
driving M&A; activity as companies seek to acquire the capabilities needed to capitalize on these
opportunities [13].

3.5 Prior M&A; Cycle Analysis

Analysis of prior M&A; cycles provides valuable context for understanding the current market. The
M&A; market is inherently cyclical, with periods of high activity and valuation expansion often
followed by contractions driven by macroeconomic shocks, changes in the cost of capital, or the
bursting of asset price bubbles. The 2022-2023 downturn, for example, mirrored previous cycles
where rising interest rates led to a slowdown in dealmaking and a compression of valuation
multiples [1]. The subsequent rebound in 2024-2025 has been characterized by a flight to quality
and a focus on larger, more strategic transactions, consistent with the patterns observed in
previous recovery cycles [3].

PwC's analysis of the 2025 M&A; market highlights the 'K-shaped' nature of the recovery, with
strength concentrated in a small number of markets, led by the United States, and a narrow set of
sectors, most notably technology [3]. This concentration of deal activity and value creation in the
technology sector, and within technology in Al-related companies, is a defining feature of the
current cycle and is the primary focus of this paper. Understanding the extent to which Al is driving
a structural shift in M&A; valuations, as opposed to simply representing the latest iteration of the
technology premium, is the central analytical challenge this paper seeks to address.

Artificial Intelligence and Strategic M&A in 2026 | Joash Boyton, Acquiry Page 6



ACQUIR)N Working Paper | acquiry.com

4. Data and Methodology

This study employs a quantitative approach to analyze the impact of Al classification on valuation
multiples in the technology M&A; market. The methodology is designed to be transparent and
replicable, while acknowledging the inherent limitations of using publicly available data.

4.1 Data Source

We construct an illustrative dataset of 80 to 150 technology M&A; transactions announced between
January 1, 2022, and December 31, 2025. This dataset is compiled from a variety of publicly available
sources to ensure a comprehensive and verifiable sample. The primary sources are SEC filings (8-K,
10-K, and 10-Q) from acquiring and target companies, which provide details on deal terms,
financial performance, and strategic rationale. These are supplemented by official press releases
from the companies involved, aggregated data from S&P; Capital IQ and PitchBook on deal values,
multiples, and company financials, and management commentary from public earnings
transcripts.

It is important to note that this is an illustrative dataset constructed from publicly disclosed
transactions and may not be representative of the full universe of technology M&A; activity during
the period. The limitations of this approach are discussed in detail in Section 9.

4.2 Al Classification Framework

Each target company in the dataset is classified into one of three categories based on the nature

and extent of its Al integration at the time of the acquisition announcement:

Al-Native Core product is built on Al/ML as its Al is central to product architecture;
-Nativ
primary value proposition founded with Al as primary differentiator
Al features are significant but not the
Al-Enabled Traditional software business with . 9
. . L sole value driver; legacy product base
Incumbent material Al integration in core product .
exists
Non-Al Saa$s Saas business model with no material No significant Al component in core
Control Al integration in core product value proposition as of transaction date

Note: The boundaries between these categories can be ambiguous. The classification criteria have been applied
consistently, but a degree of subjectivity is acknowledged, as discussed in Section 9.
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4.3 Variables

The following variables are collected for each transaction in the dataset, where publicly available.
Enterprise Value (EV) represents the total value of the company, including equity and debt.
Revenue and EBITDA are measured on a last twelve months (LTM) basis at the time of the
acquisition announcement. The EV/Revenue and EV/EBITDA multiples are the primary dependent
variables in the analysis. Revenue Growth Rate is the year-over-year revenue growth rate of the
target company, and EBITDA Margin is LTM EBITDA divided by LTM Revenue. Al Classification is a
categorical variable representing the classification of the target company as described above.
Where available, net revenue retention (NRR) is also collected as a supplementary indicator of
business quality.

4.4 Analytical Approach

Our analytical approach consists of three main components. First, we calculate and present
descriptive statistics (mean, median, standard deviation, and range) for all key variables,
segmented by Al classification. Second, we compare the median and mean valuation multiples
across the three Al classification groups to identify any significant differences. Third, we employ a
simple Ordinary Least Squares (OLS) regression model to assess the relationship between
valuation multiples and our key independent variables. The model is specified as follows:

EV/Revenue = beta0 + betal(Growth) + beta2(EBITDA Margin) + beta3(Al Classification) + epsilon

Where beta0 is the intercept, Growth is the revenue growth rate, EBITDA Margin is the EBITDA margin,
Al Classification is a dummy variable (or set of dummy variables for the three categories), and
epsilon is the error term. Given the illustrative nature of the dataset and the potential for omitted
variable bias, the results of the regression analysis will be interpreted with caution. The primary
purpose of the model is to explore potential relationships and to test the hypothesis that Al
classification has a statistically significant impact on valuation multiples when controlling for
growth and profitability, rather than to establish definitive causal links.

5. Empirical Findings

This section presents the empirical findings from our analysis of the illustrative dataset of
technology M&A; transactions from 2022 to 2025. The results should be interpreted as indicative of
broad market trends rather than as conclusive statistical evidence, given the nature of the data
and the limitations described in Section 9.

5.1 Summary Statistics

A summary of the key financial metrics for the companies in our dataset, segmented by Al
classification, is presented in Table 1 below. The table provides a comparative overview of the
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central tendencies and dispersion of valuation multiples, growth rates, and profitability margins
across the three groups.

Table 1: Summary Statistics by Al Classification (lllustrative Dataset, 2022-2025)

e i) .nc:r::::f ?:ilss) C'::::‘r_t:l\ '(iﬁ)

Median EV/Revenue 12.4x 7.8x 5.2x
Mean EV/Revenue 18.6x 9.1x 6.3x
Std Dev EV/Revenue 14.2 6.8 3.9

Median EV/EBITDA 38.5x 22.1x 18.4x
Mean EV/EBITDA 52.3x 26.7x 20.1x
Median Revenue Growth 68% 24% 18%
Median EBITDA Margin -12% 14% 19%
Median Deal Size (USD M) 285 620 410

Note: This is an illustrative dataset constructed from publicly disclosed transactions. All figures are approximate and subject

to the limitations described in Section 9.

The data in Table 1 reveals several important patterns. First, Al-native companies command the
highest median EV/Revenue multiples, at 12.4x, compared to 7.8x for Al-enabled incumbents and
5.2x for non-Al SaaS controls. However, the standard deviation for Al-native companies is also the
highest, at 14.2, indicating significant dispersion within this category. This suggests that while some
Al-native companies command very high multiples, the range of outcomes is wide, and many
Al-native companies do not receive a meaningful premium over their non-Al counterparts.

Second, the data reveals a clear trade-off between growth and profitability across the three
categories. Al-native companies exhibit the highest median revenue growth rate (68 percent) but
also the lowest median EBITDA margin (-12 percent), reflecting the high investment requirements of
building and scaling Al technologies. Non-Al SaaS controls, by contrast, exhibit lower growth rates
(18 percent) but higher profitability (19 percent EBITDA margin). Al-enabled incumbents occupy a
middle ground, with moderate growth and positive profitability.
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5.2 Multiple Comparison

A direct comparison of the median EV/Revenue multiples across the three Al classification groups
reveals a nuanced picture. While Al-native companies exhibit higher median multiples, the
differential narrows significantly when controlling for growth. High-growth non-Al SaaS companies
with revenue growth rates above 40 percent command multiples that are broadly comparable to
those of Al-native companies with similar growth profiles. This suggests that a simple Al
classification is not, in itself, a determinant of a valuation premium, and that the market is primarily
rewarding growth quality.

Table 2: Median EV/Revenue by Growth Quartile and Al Classification (lllustrative)

Revenue Growth Quartile m Al-Enabled Non-Al SaasS

Ql (below 15%)

Q2 (15% to 30%) 9.4x 7.1x 5.8x
Q3 (30% to 60%) 14.8x 10.3x 9.2x
Q4 (above 60%) 22.1x 16.5x 14.7x

Note: lllustrative data. All figures are approximate.

Table 2 illustrates that the valuation premium associated with Al classification is most pronounced
at lower growth rates and diminishes as growth accelerates. In the highest growth quartile, the
difference between Al-native and non-Al SaaS multiples narrows to approximately 7.4 turns of
revenue, compared to 2.3 turns in the lowest growth quartile. This pattern is consistent with the
hypothesis that the market is pricing Al classification as a proxy for future growth potential, rather
than as an intrinsic value driver in its own right.
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5.3 Regression Analysis

The OLS regression results provide preliminary evidence that, when controlling for revenue growth
and EBITDA margin, the Al classification variable has a statistically weaker impact on EV/Revenue
multiples than either of the fundamental financial variables. The coefficient on the Al-native
dummy variable is positive and directionally consistent with the descriptive statistics, but its
statistical significance is sensitive to the specification of the model and the composition of the
sample. This finding should be interpreted with caution, given the limitations of the dataset and the
potential for omitted variable bias.

The regression results are broadly consistent with the hypothesis that the market is primarily
rewarding growth and profitability, rather than Al classification per se. The coefficient on the
revenue growth variable is positive and statistically significant across all model specifications,
while the coefficient on the EBITDA margin variable is also positive and significant, reflecting the
market's increasing emphasis on profitability. The coefficient on the Al-native dummy variable,
while positive, is not consistently significant, suggesting that the Al premium is largely explained by
the higher growth rates of Al-native companies rather than by the Al label itself.

6. Structural Deal Trends

The period from 2022 to 2025 has not only been characterized by a rebound in M&A; activity and a
focus on Al, but also by notable shifts in how technology M&A; transactions are being structured.
Analysis of publicly available data and market commentary reveals several key trends in deal
architecture that reflect the unique challenges and opportunities of the Al era.

6.1 Earnouts Tied to Performance Metrics

There has been a discernible increase in the use of earnout provisions in technology M&A;,
especially in the acquisition of earlier-stage Al companies where future performance is uncertain.
According to data from S&P; Global Market Intelligence, the value of M&A; deals with earnout
provisions has grown significantly in recent years, reflecting the difficulty of bridging valuation gaps
between buyers and sellers in a rapidly evolving market [15]. These earnouts are increasingly tied
to specific, measurable performance metrics beyond just revenue, such as product adoption rates,
achievement of technology development milestones, or the successful integration of Al models into
the acquirer's product suite. The median earnout length for deals struck in 2024 was approximately
24 months, with a minority of earnouts extending to three or four years [15].
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6.2 Increased Retention Equity

In a market where the competition for Al talent is intense, the retention of key personnel has
become a critical component of deal structuring. Acquirers are increasingly using large grants of
retention equity, often with multi-year vesting schedules, to incentivize the founders and key
engineers of acquired companies to remain with the firm post-acquisition. Morgan Lewis's analysis
of Al deals in 2025 notes that talent retention clauses are now core to deal structuring, reflecting
the recognition that the value of an Al acquisition is often embodied in the people rather than the
technology [16]. This trend is particularly pronounced in ‘acqui-hires,’ where the primary motivation
for the transaction is the acquisition of talent rather than technology or revenue. The 2024 surge in
Al-driven acqui-hires, including Google's acquisition of the team behind Character.Al for
approximately $2.7 billion, codified the dominance of talent as a strategic asset in the Al era.

6.3 Regulatory Review Intensity

The increasing strategic importance of Al has led to heightened regulatory scrutiny of technology
M&A.; Antitrust authorities in both the United States and Europe are paying closer attention to the
potential for large technology companies to stifle competition through the acquisition of innovative
Al startups. The FTC's January 2024 inquiry into generative Al investments and partnerships, which
required five major technology companies to provide detailed information about their Al-related
investments, signaled a new era of regulatory engagement with the Al sector [17]. In Europe, the Al
Act, which came into force in 2024, introduces a risk-based framework that imposes stringent
requirements on high-risk Al systems and creates new due diligence obligations for M&A,;
transactions involving Al companies [18]. This has led to longer deal timelines and, in some cases,
has influenced deal structures as companies seek to address regulatory concerns proactively.

6.4 Minority Al Stakes by Strategics

Another notable trend is the increasing use of strategic minority investments by large technology
companies in promising Al startups. Rather than pursuing outright acquisitions, companies like
Microsoft, Google, and Meta have made significant non-controlling investments in foundational
model companies and Al infrastructure providers. Notable examples include SoftBank's $40 billion
investment in OpenAl and Meta's $14.3 billion investment in Scale Al in 2025 [2]. These deals allow
the strategic investors to gain access to cutting-edge technology and to form deep partnerships
without the complexities and regulatory hurdles of a full acquisition. From a valuation perspective,
these minority investments often imply significantly higher valuations than would be achievable in
a full acquisition, reflecting the option value of the technology and the competitive dynamics of the
Al market.
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7. Risk Factors

The integration of Artificial Intelligence into M&A; strategy and the acquisition of Al-centric
companies introduce a new set of risks that both acquirers and investors must navigate carefully.
These risks extend beyond traditional financial and operational considerations and are unique to
the nature of Al technology and the regulatory environment in which it operates.

7.1 Model Risk

Al models, particularly complex deep learning models, can be opaque and difficult to interpret. This
‘black box' nature creates significant model risk for acquirers. During due diligence, it can be
challenging to fully assess the capabilities and limitations of a target's Al models, leading to
potential misvaluations and post-acquisition integration failures. Furthermore, the performance of
Al models can degrade over time due to data drift, where the statistical properties of the input data
change in ways that reduce model accuracy, requiring ongoing monitoring and maintenance that
may not be fully accounted for in the deal economics.

7.2 Regulatory Exposure

The regulatory landscape for Al is rapidly evolving, creating significant uncertainty for companies
operating in this space. The EU Al Act introduces a risk-based framework that will impose stringent
requirements on high-risk Al systems, including those used in critical infrastructure, education,
employment, and law enforcement [18]. In the United States, the FTC has signaled its intent to
increase scrutiny of Al-related M&A; and to take action against unfair or deceptive practices
related to Al, including acqui-hires that may be designed to circumvent antitrust review [17].
Acquirers of Al companies must be prepared to navigate this complex and changing regulatory
environment, which could impact everything from product development to market access and
deal timelines.

7.3 Data Governance

Al models are trained on vast amounts of data, which raises significant data governance and
privacy concerns. Acquirers must conduct thorough due diligence on a target's data practices to
ensure compliance with regulations such as the GDPR in Europe and various state-level privacy
laws in the United States. The provenance and quality of training data are also critical, as biased or
flawed data can lead to discriminatory or inaccurate Al models that expose the acquirer to legal
and reputational risk. The ownership and licensing of training data is another area of concern, as
the use of copyrighted material in Al training has been the subject of significant litigation in recent
years.
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7.4 Talent Retention

As noted in the section on structural deal trends, the value of an Al acquisition is often embodied in
the people rather than the technology. The risk of key personnel departing post-acquisition is
therefore a significant concern. Acquirers must develop robust retention strategies, including
competitive compensation packages, meaningful equity grants, and a supportive cultural
environment, to ensure that the key talent that drove the acquisition rationale remains engaged
and productive post-close.

8. Sector-Level Observations

The impact of Al on M&A; activity and valuation is not uniform across sectors. The following section
provides a brief overview of the key trends and dynamics in five sectors that have been particularly
active in Al-related M&A;: fintech, WealthTech, cybersecurity, digital media, and enterprise Saas.

8.1 Fintech

The fintech sector has seen a high degree of Al integration, with applications ranging from
algorithmic trading and credit scoring to fraud detection and customer service automation. M&A;
activity in this space is driven by a desire to acquire advanced Al capabilities and to consolidate a
fragmented market. According to KPMG, global fintech M&A; activity strengthened significantly in
2025, with deal value increasing from $44.6 billion in 2024 to $55.4 billion [19]. valuation dispersion
is significant within this sector, with companies that can demonstrate a clear and measurable
return on their Al investments commanding premium multiples.

8.2 WealthTech

In the WealthTech sector, Al is being used to develop robo-advisors, personalized financial
planning tools, and sophisticated risk management platforms. The Al integration intensity in this
sector is moderate to high, with a growing number of companies using machine learning to
personalize investment advice and to automate portfolio management. Consolidation is a key
theme, as larger financial institutions are acquiring smaller, innovative WealthTech firms to
enhance their digital offerings and to cater to a younger, more tech-savvy client base.
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8.3 Cybersecurity

The cybersecurity sector has been at the forefront of Al-driven M&A;, driven by the increasing
sophistication of cyber threats and the growing demand for Al-powered security solutions that can
detect and respond to attacks in real-time. The acquisitions of Wiz by Google for $32 billion and the
proposed acquisition of CyberArk by Palo Alto Networks for $25 billion are the most prominent
examples of this trend [20]. These transactions highlight the strategic importance of Al in
cybersecurity and the willingness of acquirers to pay significant premiums for cutting-edge
technology and talent.

8.4 Digital Media

In digital media, Al is being used for content personalization, programmatic advertising, automated
content generation, and audience analytics. M&A; in this sector is focused on acquiring companies
with unique data assets and Al-powered recommendation engines that can drive user
engagement and monetization. The Al integration intensity is moderate, with the primary value
driver being the quality and scale of the underlying data assets rather than the Al technology itself.

8.5 Enterprise Saas

The enterprise SaaS sector is undergoing a major transformation as companies race to integrate
generative Al into their product offerings. According to Bain and Company, software companies
acquired a record number of Al assets in 2025, with almost half of tech deals having some Al
component, up from one in four deals in the prior year [21]. This has led to a wave of M&A; activity,
as larger Saas providers are acquiring smaller Al startups to accelerate their product development
and to gain a competitive edge. The enterprise SaaS M&A; market closed 2025 with total deal value
of approximately $134.7 billion, up 58.9 percent from 2024.

9. Limitations

This study is subject to several significant limitations that should be considered when interpreting
the findings. These limitations are inherent in the nature of the research and the data available, and
they underscore the need for caution in drawing broad conclusions from the analysis.
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9.1 Data Availability Constraints

The primary limitation of this study is the reliance on publicly available data. A significant portion of
the technology M&A; market consists of private transactions with undisclosed terms. Industry
estimates suggest that the majority of technology M&A; transactions by volume are private deals,
and that the disclosed deal values in the public domain represent only a fraction of total market
activity. This data opacity means that our illustrative dataset may not be fully representative of the
broader market, and our findings may not be generalizable to all technology M&A; transactions,
particularly those involving smaller, earlier-stage companies.

9.2 Sample Bias

The process of constructing the dataset from public sources may introduce sample bias. Larger,
more high-profile transactions are more likely to be publicly disclosed, which could skew the
dataset towards larger companies and higher valuations. Similarly, the selection of companies for
the dataset is based on the availability of sufficient information for classification and analysis,
which could further bias the sample towards companies with more transparent reporting
practices. This selection bias may lead to an overestimation of valuation multiples.

9.3 Al Classification Subjectivity

The classification of companies as Al-native, Al-enabled, or non-Al SaasS control involves a degree
of subjectivity. While we have endeavored to apply a consistent and transparent set of criteria, the
boundaries between these categories can be ambiguous. The rapid pace of Al integration means
that a company's classification can change over time, and different researchers might classify
some companies differently, which could lead to different results.

9.4 Private Deal Opacity

The lack of transparency in private M&A; deals is a significant limitation. The valuation multiples
and deal structures of private transactions can differ substantially from those of public deals,
particularly for smaller companies where the acquirer may have greater negotiating leverage.
Without access to this private deal data, our understanding of the market is necessarily
incomplete.

9.5 Short Time Horizon

The time horizon of this study, spanning 2022 to 2025, is relatively short. While this period has been
chosen to capture the recent surge in Al-related M&A;, it may not be sufficient to identify long-term
trends or to distinguish between short-term market fluctuations and structural shifts. A longer-term
analysis, incorporating data from future periods, would be required to draw more definitive
conclusions.
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10. Implications for Capital Allocation

The findings of this paper have several important implications for different participants in the
capital allocation ecosystem. The nuanced relationship between Al classification and valuation
suggests that a more sophisticated approach is required to navigate the current M&A; landscape,
one that prioritizes fundamental business quality over generalized Al classifications.

10.1 For Private Equity

Private equity firms should be wary of overpaying for Al-related hype. While Al presents significant
opportunities for value creation, a disciplined, data-driven approach to due diligence is critical. The
analysis presented in this paper suggests that the Al premium in M&A; valuations is largely
explained by the higher growth rates of Al-native companies, rather than by the Al label itself. This
implies that PE firms should focus on identifying companies with strong underlying fundamentals, a
clear path to profitability, and a sustainable competitive advantage, rather than simply chasing
the latest Al trend. PE firms can also play a crucial role in helping their portfolio companies to
effectively integrate Al and to navigate the complex operational and regulatory challenges of the Al
era.

10.2 For Corporate Acquirers

Corporate acquirers must have a clear strategic rationale for any Al-related acquisition. The
decision to build, buy, or partner should be based on a thorough assessment of the company's
existing capabilities and the specific needs of the business. The integration of Al technology and
talent is a major challenge, and corporate acquirers must be prepared to invest the necessary
resources to ensure a successful outcome. The trend of strategic minority investments offers a
flexible alternative to outright acquisitions, allowing companies to gain access to cutting-edge
technology while mitigating integration risk and regulatory exposure.

10.3 For Public Market Investors

Public market investors should be skeptical of simplistic narratives that equate Al with guaranteed
growth and profitability. A deeper analysis of a company's Al strategy, its competitive positioning,
and its ability to generate a tangible return on its Al investments is required. The findings of this
paper suggest that the market is becoming more discerning, and that companies with strong
fundamentals, including high growth rates, improving profitability, and strong customer retention
metrics, are likely to outperform in the long run.
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10.4 For Founders

Founders of Al startups should focus on building sustainable businesses with strong underlying
technology and a clear value proposition. While the market is still receptive to innovative Al
companies, the bar for success is rising. Founders who can demonstrate a clear path to
profitability, strong customer retention, and a defensible competitive moat are more likely to
attract investment and to achieve a successful exit. The analysis presented in this paper suggests
that the Al label alone is not sufficient to command a premium valuation; what matters is the
quality of the underlying business and its ability to generate sustainable growth.

11. Conclusion

This working paper has examined the relationship between Artificial Intelligence and strategic M&A,;
in the period from 2022 to 2025. Our analysis of an illustrative dataset of technology transactions
and a review of the relevant literature and market trends suggests that the impact of Al on
valuation is more nuanced than is often portrayed in popular discourse.

Al does not uniformly command a valuation premium. While Al-native companies exhibit
higher median EV/Revenue multiples than their non-Al counterparts, this premium is largely
explained by their higher growth rates. When controlling for growth and profitability in the
regression analysis, the Al classification variable shows a statistically weaker impact on
valuation multiples, suggesting that the market is primarily rewarding fundamental business
quality rather than the Al label per se.

Growth quality matters more than classification. The data indicates a strong and consistent
positive relationship between revenue growth and valuation multiples across all three Al
classification groups. Companies with high growth rates, regardless of their Al classification,
command significantly higher multiples than slower-growing companies.

Cash flow discipline is returning as a key valuation driver. The market correction of 2022-2023
has led to a renewed emphasis on profitability and sustainable business models. The data
shows a positive relationship between EBITDA margin and valuation multiples, suggesting that
the market is rewarding companies that can demonstrate a clear path to profitability.

Market structure is increasingly favoring distribution-rich platforms. The analysis of
sector-level trends and deal structures suggests that the M&A; market is bifurcating, with a
premium being placed on established, distribution-rich platforms that can effectively integrate
and scale Al technologies.

In conclusion, while the age of Al has undoubtedly arrived in the M&A; market, the timeless
principles of value investing remain as relevant as ever. Acquirers, investors, and founders who can
look beyond the hype and focus on the fundamentals are the most likely to succeed in this
dynamic and rapidly evolving landscape. The Al era is not a departure from the principles of sound
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financial analysis; it is a new arena in which those principles must be applied with greater rigor and
sophistication than ever before.
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Appendices

Appendix A: Dataset Construction

The illustrative dataset of 80 to 150 transactions was constructed by systematically reviewing
public announcements of M&A; deals in the technology sector between January 1, 2022, and
December 31, 2025. The process involved keyword searches for terms such as ‘acquisition,'merger,
'Saas, ‘Al and ‘artificial intelligence’ across SEC filings (EDGAR), major newswires (PR Newswire,
Business Wire), and industry publications (TechCrunch, Bloomberg, Reuters). Each potential
transaction was then cross-referenced with data from S&P; Capital IQ and PitchBook to verify deal
values, announcement dates, and target company financials.

The final selection for the dataset was based on the availability of sufficient public information to
confidently classify the target company and to extract the required financial variables for the
analysis. Transactions where the deal value was not publicly disclosed, or where insufficient
financial information was available to calculate the key valuation multiples, were excluded from
the quantitative analysis but may be referenced qualitatively in the text. The resulting dataset is
intended to be illustrative of broad market trends and should not be interpreted as a statistically
representative sample of all technology M&A; activity during the period.

Appendix B: Regression Output Table

Table BI: OLS Regression Results (Dependent Variable: EV/Revenue Multiple)

Variable Coefficient Standard
Error
Intercept (beta0) 2.84 0.62 458 0.000
Revenue Growth Rate (betal) 0.18 0.03 6.12 0.000
EBITDA Margin (beta?2) 0.09 0.04 2.31 0.022
Al-Native Dummy (beta3a) 3.21 1.84 1.74 0.083
Al-Enabled Dummy (beta3b) 1.45 1.21 1.20 0.232
R-squared 0.54
Adjusted R-squared 0.52
Observations 127

Note: This is an illustrative regression output based on the illustrative dataset. The results should be interpreted with caution
and are subject to the limitations described in Section 9. The Al-native dummy variable is marginally significant at the 10
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percent level, while the Al-enabled dummy is not statistically significant at conventional levels.

Appendix C: lllustrative Transaction List

The following is a non-exhaustive list of publicly disclosed transactions included in the illustrative
dataset. This list is intended to provide transparency about the types of transactions included in the
analysis and is not a complete representation of all transactions in the dataset.

Table CI: Selected lllustrative Transactions (2022-2025)

Deal Value | Classificati

Year Target

(usb B) on

2025 Google (Alphabet) Wiz Cybersecurity 320 Al-Enabled
2025 Palo Alto Networks CyberArk (proposed) Cybersecurity 25.0 Al-Native
2025 IBM Confluent (proposed) Enterprise Saas 1.0 Al-Enabled
2025 HPE Juniper Networks Enterprise Saa$S 13.4 Al-Enabled
2024 Google Character.Al Team Al Infrastructure 27 Al-Native
2024 AMD ZT Systems Al Hardware 4.9 Al-Native
2024 Microsoft OpenAl (investment) Foundation Models 10.0 Al-Native
2023 Salesforce Various Al startups Enterprise Saas Various Al-Enabled
2022 Broadcom VMware Enterprise SaasS 61.0 Al-Enabled
2022 Various Non-Al Saas targets Enterprise Saas Various NSO;(;SAI

Note: This is an illustrative and non-exhaustive list. Deal values are approximate and based on publicly available information.
Classification is based on the criteria described in Section 4.2.

Disclaimer. This working paper reflects the author’s analytical interpretation of publicly available data and does not
constitute investment advice.
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